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Group dynamics:

Group dynamics exist due to camera-view
changes and dynamic movements of people

Camera A CameraB =~ CameraA | Camera B
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So we propose the multi-grain representation
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Multi-order matching:
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Results:

Camera A Camera B Matching results by:

= ' (a) only using information of
individuals;

(b) using multi-grain
information;

(c) setting equal importance
Camera A Camera B weights for all

7 | pd 1 | individuals/subgroups;

(d) using our importance

, il evaluation process to obtain
MatchingScore:3.11  Rank:5 MatchingScore:3.45  Rank: 1 importance weights.

(c) (d)

Table 1: Group Re-ID results on Road Group dataset Table 2: Matching and Re-ID results on Road Group
dataset (MA: matching accuracy between individu-

gﬁ)’l‘)l:l 1_18 - 1) - 1,1;’0 1256 _2108 (30_‘_ als; R-1(Gr): Rank-1 CMC for group Re-ID; R-1(In):
& J. o1, 49, a48. D N -

Fine 62.0 | 82.2 | 89.6 | 95.1 | 96.5 | 97.3 || Rank-1 CMC for individual Re-ID)

Fine+Medium 66.7 | 87.2 | 93.3 | 96.0 | 96.8 | 97.3

Fine+Medium+Coarse| 71.1 | 89.4 | 94.1 | 97.0 | 97.3 | 97.5 : : :

Equal-weight 558 | 780 | 88.1 | 92.1 | 936 | 978 Method | Single | No inter | No dis | Hyp-E | Proposed-Auto
Proposed-no spatial | 69.6 | 88.6 | 94.0 | 96.2 | 96.5 | 97.4 MA(%) | 83.1 87.0 88.2 86.4 88.2
Proposed-auto 72.3 | 90.6 | 94.1 | 97.1 | 97.5 | 98.0 R-1(Gr) 62.0 70.1 65.8 55.1 72.3
Proposed-GT 76.0 | 91.8 | 95.3 | 97.2 | 98.0 | 98.0 R-1(In) | 60.1 68.9 63.4 53.3 71.4
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Table 3: CMC results of Group Re-ID on different datasets
Rank 1=LIDS MCTS DukeMTMC Group Road Group
Method 1 5 10 15 20 1 5 10 15 20 1 5 10 5 20
Saliency [39] 26.1 A5 | 675 T 803 | 809 139 | 33.3 | 51.5 | 598 | 66,3 456 | 736 22 1 8.2 | 9.1
Mirror+ KMFA :!'&] 28.3 584 69.8 805 90.6 11.0 31.5 19.7 6G2.9 70.8 25.7 49.9 59.5 069 72.1
CRRRO-BRO [42] 233 | 540 | 698 | T6.T | 82.7 99 | 26,1 | 40.2 | 54.2 | 64.9 178 | 346 | 48,1 | 575 | 622
Covariance [5] 26.5 52.5 660 800 90.9 21.3 43.6 604 70.3 8.2 45.0 G1.0 73.1 79.0 825
PREF [15] 306 | 553 | 670 | 820 | 926 223 | 443 | 585 | 674 744 430 | 687 | 779 | 82.2 | 85,2
BSC4+CM [44] 320 | 5901 | 723 | 824 | 931 231 | 443 | 564 | 643 | TO4 || 586 | 806 | 874 | 904 | 921
Proposed-auto 37.9 | 645 | T9.4 | 91,5 | 93.8 | 4T.4 | 6B.1 77.3 | 83.6 874 72.3 | 906 | 94.1 97.1 | 975
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